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ABSTRACT

In hyperspectral image, there exist mixed pixels because of the image spatial resolution
and ground object distribution. In this paper, we focus on only two major simplex-based
endmember extraction methods, i.e. N-findr (or N-FINDR) and Minimum Volume Enclosing
Simplex (MVES). We aim at extracting endmember (single material) from hyperspectral image
and assessing the performance of the two methods with the following four steps. Firstly ten
endmembers from the ground geological map are selected. Then, the two simplex-based
endmember extraction methods are used to find out the location of the seven endmembers in
hyperspectral image. Thirdly the extracted endmembers using fully constrained least squares
method are applied to generate abundance maps. Besides, the abundance maps are compared
with the ground geological map to confirm each endmember of the name. Finally we compute
spectral angle mapper (SAM) between the extracted endmember and the ground reference
endmember to evaluate the performance of the two simplex-based endmember extraction
methods. The experimental results showed that more endmembers can be extracted with
N-FINDR than with MVES, but N-FINDR calculation is very time-consuming.
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