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Assessments of the Four Strategies Utilized in
Person ldentification Systems

Dar-Der Chen* and Cheng-Ta Chuang?

1. Associate Professor, Department of Electrical Engineering, National llan Institute of
Technology
2. Student, Department of Electrical Engineering, National Ilan Institute of Technology

Abstract

In this report we use biological characteristics of human hand, i.e. finger prints, to build a person
identification system. The recognition process includes the following steps. The first step is to transform a spatial
domain image into its frequency response. The second is to extract several features from the frequcency
response. The third is to use these features as inputs to train a backpropagation neural network. Since the only
data used in matching fingerprint images is the interconnection weights in a neural network, much storage space
can be saved instead of storing the whole image. We have used four transformation methods to transform an
image. These methods are discrete wavelet transform, singular value dicomposition, discrete cosine transform and
fast Fourier transform. One of our goals is to compare these transformation methods to find the best one. The
other goal is to set up a windowed-based interactive database system so that the recognition process can be made
user friendly.

Key Words: wavelet transform, fast Fourier transform, discrete cosine transform, singular value
decomposition,fingerprint recognition
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